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»Perturb Eigenvalues: L' = U(A + A)U', Complexity: O(N%)~0O(N?)

»Perturb Eigenvectors : L = UAUT = (UVA)(UVA)', Complexity: O(N)

Method: Sp2GCL & EigenMLP
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Sign- and Basis-invariant Experiments

Small Graphs (Full-Batch) Large Graphs (Mini-Batch)

» Sign-invariant function ¢ (U)

Model

x N
U = [Y(od(wi) + o(—w))];-4
» Basis-invariant function p(A)

p(A) = [sin(A), cos(A), - - - sin(T'A), cos(T'A)|

» Why basis-invariant?

* Eigenvalues are equivariant to the rotation of eigenvectors
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Fourier features of eigenvalues, k X 27T
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